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POS

Sales Fluctuation Pattern Mining from
POS Data

©

Yasuhiko MORIMOTO Kazumitsu YAGI

We assume that sales fluctuation of an item must affect
sales of another item. In this paper, we focus on
fluctuations of sales of each item and find sequential
patterns of the sales fluctuation events. In addition, we
consider an optimization problem of transitive sequential
pattern of the sales fluctuation. We developed and
applied space efficient algorithms for computing
optimized sequential patterns that maximize transitive
confidence for large POS data and show its effectiveness.
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Fig.1 Weighted Directed Graph of Sequential Patterns
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Table 1. Number of Appearance as Transitive Events in
Optimized Sequential Patterns (Top 5)

A(-) 84

B(-) 79
C(-) 75

D(-) 74

E(-) 74

Table 2. Number of Appearance by Category as Transitive
Events in Optimized Sequential Patterns

805 1278
277 313
82 143
15 78
0 20
13 18
5 16
18 14
39 14
2 12
0 12
8 11
2 7
16 0
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