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In recent years, huge amount of time-series data
is accumulated in various domains. To utilize them,
similarity search techniques are heavily studied.
However, in the most studies, target database con-
sists of large amount of data whose length are al-
most the same and a query is a time-series data of
almost the same length. We focus on the case where
the target database is a single very long time-series,
and the length of a query is much shorter than that
of the database. In this paper, we propose a query-
adaptive lower-bound calculation for subsequence
search under time-warping distance, and show its

efficiency by experimental results.
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Fig. 1 Accumulated Distance Table
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Fig. 2 Element Correspondence by the Warping Path
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Fig. 3 Difference Table
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Fig. 5 Search Graph built from Marked Elements
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Fig. 6 Lower Bound (square case)
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Fig. 7 Lower Bound (vertical case)
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Fig. 8 Lower Bound (horizontal case)
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Fig. 9 Lower Bound (Multiple Step)
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