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Traditional frequent pattern mining methods such as
Apriori have a problem - the order of calculation
exponentially grows with high dimensional data because
of search by the combination of attribute sets. The
purpose of our work is to develop a method that efficiently
extracts frequent patterns from very high dimensional
data. We can solve the problem by a record space search.
The record space search means the search by the
combination of record sets. We can find frequent patterns
from attributes common to the combination of record sets.
Moreover, we introduce a parameter called minimum
pattern length to efficiently search the space. As a result,
we can extract the frequent patterns in real time from
high dimensional datasets that cannot be handled by
Apriori. We conclude that our method is efficient for
frequent pattern mining from high dimensional data.
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Input:
D:database
minsup:minimum support count

minlen:minimum pattern length

Output:
LFP: longest frequent patterns
F: frequent patterns

Method:
N[1] = gen_1-ridsets(D)

for (k=2; k<=minsup and N[k]!'=(; k++) {
C[k] = gen_ridset(N[k-1])
N[k] = {nllen(n.itemset)>=minlen for n in C[k]}

t

F’ = {n.itemset for n in N[minsup]}
LFP = argmax; len(i) for i in F?

F = {s|s>=minlen for s in subset(F’)}
return F
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