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Social bookmarking is an emergent Web service that
helps users to record, share, classify and discover
interesting Web pages. In social bookmarking systems,
the popularity of each Web page is usually calculated by a
total number of its bookmarks, that is, by the sum of
explicit evaluations made by users. On the other hand,
PageRank measures the attention and interest of authors
in pages using the link structure of the Web. This paper
describes, demonstrates, and evaluates our method for
hybrid Web search that combines both ranking measures.
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